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Abstract: At present, some SVM(Support Vector Machines) classifiers, hypersphere SVM classifier and deep learn-
ing classifier with high correct recognition rate still have about 2% false recognition rate and weak incremental learning
function. In this paper, a high correct recognition rate classifier designed with appropriate rejection mechanism and incre-
mental learning algorithm is proposed to solve the above problems. The main work include: the construction algorithm of
compact packing set of homogeneous feature set; the algorithm for solving the compact packing surface of homogeneous
feature region based on homogeneous feature set and compact packing set; the method of setting all the public areas outside
the compact packing surface as the rejection area of the classifier; when adding new categories, increasing or decreasing
training samples, the above algorithms are incremental learning algorithms. A comparison experiment with uci data sets
shows that the correct recognition rate of the classifier is greater than 99.13%, when the rejection rate is less than 1.3%.
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